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Sampling distribution of a correlation function
estimator .

3.0 - /. exact likelihood

=X - Gaussian approximation

2.5 -
2.0 -
1.5 -
1.0 -

0.5 -

0.0 | | | | —
0.0 0.2 0.4 0.6 0.8 1.0 1.2

- E+ x 106
Veronika Oehl Oehl & Troster, 2024


https://arxiv.org/abs/2407.08718

Same inference with different likelihoods
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Same inference with different likelihoods
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Same inference with different likelihoods
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Differences in the posterior mean
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Impact of Copula Likelihood on Posterior

(with exact marginals)
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Impact of Copula Likelihood on Posterior

(with exact marginals)
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Impact of Copula Likelihood on Posterior
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Impact of Copula Likelihood on Posterior

(with exact marginals)
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Posterior and data dimensions
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Comparison to Simulations
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