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DARWIN collaboration: Proposal

� 200 members
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Underground TPCs: Events

• Traditionally use high level analysis observables: cS1, cS2
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Traditional likelihood-based analysis

logL(cS1; cS2 j�SI;�) = logLscience(cS1; cS2 j �SI;�)+logLancillary(�) ;

• Parametrically model

dependent

• Derived from 2D

templates

• Relies on high-level

’summary statistics’

cS1,cS2:

) E = g(cS1; cS2)

Does this likelihood yield an optimal test statistic?
3



Traditional likelihood-based analysis

logL(cS1; cS2 j�SI;�) = logLscience(cS1; cS2 j �SI;�)+logLancillary(�) ;

• Parametrically model

dependent

• Derived from 2D

templates

• Relies on high-level

’summary statistics’

cS1,cS2:

) E = g(cS1; cS2)

Does this likelihood yield an optimal test statistic?
3



Simulation based inference

(SBI)
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